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beliefs and higher-order beliefs networks

Contribution: Analyze effects of (i), (ii), (iii) together via reduction of all three to
a network. Yields unification and new purely informational results.
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CONCLUSION

Interaction structure captures (interim) beliefs and network simultaneously: a
method for studying how behavior depends on

(i) information (ii) interpretation (ii) coordination concerns
(signals) (priors) (interaction)

General characterization of conventions in terms of eigenvector centrality in
interaction structure. Reduction to a complete-information network game.

lllustrate with three applications.

Contagion of optimism — small local bias (in common direction) leads to
extreme conventions.

Under common prior over signals, agents’ prior expectations matter in
proportion to their centrality in the network I" only.

Under common interpretation of signals and precise private information,
get tyranny of the least-informed.



